Online retailing is growing rapidly and customer retention has become increasingly important, especially trust and ecommerce institutional mechanisms such as online credit card guarantees, escrow services, and privacy protection, which have become more significant and the subject of recent research (Fang et al., 2014) . We conducted a methodological replication of first insights and a model of the relation between satisfaction, trust, repurchase intention and the perceived effectiveness of such e-commerce institutional mechanisms (PEEIM). As we were unable to support the original findings, we provide an alternative reasoning relevant to today's role of PEEIM for online repurchases and discuss implications for research and practice.
Introduction
Online retailing has grown rapidly within the past decade. As online retailers face the challenge of retaining customers, identifying factors influencing customer decisions for repeated purchases (i.e., repurchases) has become increasingly important in recent years (Johnson, Hult, & McGowan, 2008) . Trust has been found to be a key predictor of customer retention in online retailing (e.g., Flavián, Guinalíu, & Gurrea, 2006; Gefen, 2002; Qureshi et al., 2009) , and researchers have called for an examination of the moderating effect of the e-commerce institutional context (i.e., the safeguarding, regulatory structures for the transaction environment, Zucker, 1986) on the relationship between trust and online repurchase (Gefen, Benbasat, & Pavlou, 2008) . Fang et al. (2014) set out to investigate this effect empirically to help specifying how and under which conditions trust influences online repurchase, and to provide a rationale for previously unexpected results in the literature regarding customer loyalty in e-commerce settings. The authors extended the moderating role of customer loyalty by accounting for customer satisfaction because past experience in a purchase situation can serve as an important factor for evaluating trust (McKnight, Cummings, & Chervany, 1998) . The first test of their model provided confirmatory results.
To provide additional empirical evidence and to extend the theory to a new context, we replicated the study by Fang et al. (2014) . Our replication answers the general call for more replication in the field of information systems (e.g., Dennis & Valacich, 2014; Morrison, Matuszek, & Self, 2010; Niederman & March, 2015) . We decided to replicate the study of Fang et al. (2014) because of the importance of their findings for ecommerce related research and practice. Furthermore, replication research has become a field of interest among scholars due to a high number of non-replicable findings (Lindsay, 2015; Morrison et al., 2010; Niederman & March, 2015) , which "are of no significance to science" (Popper, 2005, p. 66) . To the best of our knowledge, as no other replications of this study exist, we suggest that a replication of the study by Fang et al. (2014) could provide helpful benefits to both research and practice. Thus, our replication aims at providing either further evidence for the original study's findings or additional boundaries for the scope of applicability.
The remainder of this paper is structured as follows. First, we describe the original study as well as our replication approach. Second, we describe the research model and related hypotheses. Third, we describe the research methodology applied and the results gained from data analysis. We then discuss our paper's findings, limitations, and avenues for future research. Our study ends with a short conclusion.
Overview of Original Research
The original study by Fang et al. (2014) explored the moderating effect of the e-commerce institutional context. It investigated the perceived effectiveness of e-commerce institutional mechanisms (PEEIM) as a manifestation of the institutional context. According to the authors, PEEIM refers to "online customer perceptions that third-party safeguarding mechanisms, such as online credit card guarantees, escrow services and privacy protection exist to protect them against potential risks in the e-commerce environment" (Fang et al., 2014, p. 409) and is distinguished from other, similar concepts by measuring perceptions regarding the institutional environment independent of the vendor and its ability to mitigate risks (Fang et al., 2014) . Fang et al. (2014) propose a model that tests an effect of satisfaction with vendor (SV) on repurchase intention (RPI), mediated by trust in vendor (TV). Furthermore, they suggest a direct effect of SV on RPI.
Aside from this basic model, the authors propose the moderating effects of PEEIM on the effects of SV on TV (H2) and on the relation of TV with RPI (H1). They suggest a positive moderation for H2 and a negative one for H1. Additionally, they account for different control variables with an influence on both TV and RPI.
The authors tested their research model by using partial least squares (PLS) as a structural equation modeling approach with data from a sample generated among students and faculty members (Fang et al., 2014) . Their sample consisted of 362 usable responses (see Appendix A for more information). The most commonly bought items were air tickets (n = 92), followed by books (n = 42). Figure 1 shows the research model results obtained in the study by Fang et al. (2014) . The authors were able to support both H1 and H2 and only three control variables had significant effects: vendor reputation and perceived website quality significantly influenced TV, while only perceived website quality had a significant effect on RPI. Fang et al. (2014) conclude that, while trust is still important, it is less so if consumers perceive that effective e-commerce institutional mechanisms (EIMs) are in place (Fang et al., 2014) . Therefore, increasing trust and perceived trustworthiness is insufficient and does not assemble a competitive advantage if EIMs are perceived to be effective. Fang et al. (2014) suggest investing more heavily in promoting trust, when EIMs are perceived as ineffective, compared to environments in which EIMs are perceived as effective.
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Overview of the Replication Study
Of the three main types of replication studies (Dennis & Valacich, 2014) , we conducted a methodological replication. Therefore, our study used exactly the same methods (i.e., survey design, statistical analyses, etc.) as the original study, which is why the main part of our survey is similar to the original paper (cf. Fang et al., 2014) . As the term methodological replication implies, we maintained the methodology but conducted our study in a different context (i.e., Germany vs. Northern Ireland; panel participants vs. students and faculty members). We decided to replicate the original study in Germany because Germany is a market comparable to the Northern Ireland market investigated in the study by Fang et al. (2014) . We did not conduct it exclusively among students and university faculty members but broadened our sample by explicitly inviting other (online) consumers as well.
In regard to the model and hypotheses used in this replication study, we retain the model and the hypotheses proposed by Fang et al. (2014) . Table 1 gives an overview of the implementation characteristics of both the original study and the replication. In the following section, we describe the research methodology applied to test this model. 
Survey Design
Our survey is divided into two parts. The first part was used to measure the general experience of online shopping. The concepts PEEIM, satisfaction with shopping online and general expertise using the Internet were measured using seven-point Likert scales.
As a break between the first and the second part of the study, a recall method was added. This method was replicated from the original study to subconsciously guide the participants to concentrate on a specific vendor to trigger the recollection of a specific, rather than a general, experience.
The second part of our study included the concepts SV, RPI, TV, vendor reputation, and perceived website quality, which focused on what the vendor remembered during the recall task. All items in the second part were measured through seven-point Likert scales with the exception of two constructs (i.e., vendor reputation and perceived website quality), which were each assessed on seven-point semantic differential scales. In line with the original research, we asked for the price of the product or service bought and its type. Furthermore, demographic variables (i.e., age, gender, education, employment, income, and location) were collected.
We complemented the survey with a control mechanism comparable to previous research (e.g., Gimpel, Nißen, & Görlitz, 2013) to control for common method variance (Lindell & Whitney, 2001 ). For instance, we asked the participants between other items to select a specific value, collected all data anonymously, and did not offer or imply any rewards for specific answers (for further details on our approach to prevent and analyze common method variance, see Limitations).
To validate the translation process, we used the back translation method (Brislin, 1970) . This method was necessary, as the language of the original survey was English and our study was conducted in Germany. The translation from English to German was made by a hired professional English native speaker and reviewed by a second, independent one. Afterwards, two German native speakers individually translated the German version back into English. Finally, a third person proof-read the original and the back-translated versions to assure translation quality (Brislin, 1970) . Appendix B gives the original, English items in Table  B1, while Table B2 gives the translated, German items.
Data Collection
The data was collected through the online survey tool SoSci Survey (http://www.soscisurvey.de) mainly for three reasons. First, the tool allows one to conduct complex surveys easily. Second, our survey was reviewed one additional time to ensure design quality, including formal (questions and expressions) and informal (design and layout) aspects. Therefore, we had to modify the wording of some questions. The third crucial reason for using the tool is that we had the opportunity to obtain access to a panel and therefore access to more participants.
Basically, conducting the survey comprised two phases:
(I) First, we executed a pretest for testing the model in the new context. In contrast to the original study, we did not impose any explicit (e.g., specific age, gender, or occupation) or implicit (e.g., distributing our study during lectures) restrictions in respect to the respondents. To expand the context of the original study, we did not exclude any educational levels or employment statuses. We acquired the respondents for the pretest from our personal networks through broadcasting messages, as well as personal invitations via social media (e.g., Facebook). Additionally, we sent invitations to a Facebook group, which acts as an open panel for scientific survey. Furthermore, we appealed for further distribution by social networks.
(II) After conducting the pretest, we used the panel to gain deeper insights and to increase the sample size. The panel used is provided by SoSci Survey as non-representative, with approximately 93,000 registered subjects.
The survey was tested independently by all authors, as well by three peers. The timeframe of the data collection was set to four weeks each for both the pretest and panel survey.
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Two control questions were added to the questionnaire to inspect the attentiveness of the interviewees while completing the questionnaire. The completed questionnaires with wrong answers to these two questions were excluded from the analysis.
Data Analysis & Results
During the pretest, 234 usable responses were gathered. The mean age of our participants is 24.7 years, varying between 19 and 52 years (SD = 5). The most common items bought were electronics (n = 51), clothes (n = 46), books and DVDs (n = 27), and sports equipment (n = 24). The price of the product or service bought averaged 143 Euros, ranging from 5 to 6,000 Euros (SD = 424 Euros). As the data analysis from the pre-test did not lead to different conclusions, we only report our findings from the panel survey.
In total, 874 questionnaires were filled out completely by members of the SoSci Panel. SoSci offers quality criteria to clean the data set from dishonest (e.g., click-through participants) or automated (e.g., bots) answers. Penalties are given for below-average complete times (i.e., participants who were faster than the average time of completion) and for missing answers (for more information, see SoSci Survey Help). A total of 939 participants participated in our study. Out of the 874 completed questionnaires, 726 remained because 148 respondents did not answer correctly one or both of our control questions. The mean age of our participants is 39.3 years, varying between 16 and 87 years (SD = 14.5). The participants reported an average yearly income of 42,172.82 Euros, ranging between 20.00 and 550,000.00 Euros (SD = 54,010.57 Euros). Approximately 62.26% of the participants identified as female (n = 452), while 36.36% (n = 264) identified as male and 0.14% (n=1) identified as other; 1.24% (n = 9) did not answer. Most of the participants (n = 352; 48.485%) reported being employed, but not at a university, followed by students (n = 169; 23.278%), self-employed (n = 58; 7.989%), university personnel (n = 53; 7.300%), retiree (n = 45; 6.198%), and job-seeking (n = 17; 2.342%). Thirty-two (4.408%) did not answer. While the majority of participants reported residing in Germany (n = 599; 82.507%), some reported residing in other parts of Europe (n = 118; 16.253%) and some elsewhere (n=7; 0.964%). Two did not answer (0.275%). Most of the participants (n = 431; 59.367%) reported having a university degree, followed by a high-school diploma or equivalent (n = 226; 31.130%), secondary school leaving certificate or equivalent (n = 56; 7.713%), and no degree (n = 1; 0.138%). Twelve did not answer (1.653%). The most common items bought were clothes (n = 121), electronics (n = 114), books (n = 103), household items (n = 42), sports equipment (n = 34), movies (n = 30), flight tickets (n = 26), and other items (n = 256, e.g., hotel room bookings, kitchen items, concert tickets, etc.).
In line with the original study, the research model was tested using partial least squares (PLS). For the analysis, we relied on SmartPLS (Ringle, Wende, & Becker, 2015) . The analyses concerning the moderating effects were performed using the product-indicator approach. The significance tests were retrieved using SmartPLS' bootstrapping with 5,000 samples.
Measurement Model
Since our measurement model contains reflective indicators only, we consider the following four criteria for reliability and validity: internal consistency, indicator reliability, convergent validity, and discriminant validity.
First, two criteria can be used to evaluate internal consistency. Cronbach's alpha and composite reliability must exceed 0.700 for each construct (Nunnally, 1978; Werts, Linn, & Jöreskog, 1974) . The model fulfills both criteria since the respective values are above the recommended threshold (see Table 2 ).
Second, indicators are considered reliable if the associated latent construct explains more than half of the indicator's variance (Henseler, Ringle, & Sinkovics, 2009) . Indicators are reliable if they have a t-value equal to 1.66 or higher (level of significance .05) and a loading of 0.700 or higher. Concerning items with loadings below 0.700, we proceeded as follows (Hair, Hult, Ringle, & Sarstedt, 2013) . Since none of the items had a loading below 0.400, we assessed whether removing items led to an improvement of composite reliability or average variance extracted (AVE) of the respective latent construct. Beginning with the item with the lowest loading (i.e., WQ10 with a loading of 0.474), we removed the respective item and recalculated the model. As a result, we removed the following items: WQ10, WQ11, WQ13, WQ09, WQ06, TV04, SV03, and SI03. Notwithstanding the removal, we retained sufficient items for each construct. We explain the removal of the set of items for website quality in our discussion. Third, the following criteria can be applied to assess convergent validity (Fornell & Larcker, 1981) : composite construct reliabilities should exceed 0.800 and AVE should exceed 0.500 for each construct. Table 2 demonstrates that the composite reliabilities of all constructs exceed the required minimum of 0.800 and that the AVE values of all constructs exceed the threshold of 0.500. Thus, convergent validity conditions are met.
Fourth, to confirm discriminant validity, latent variables must explain their indicators' variances to a higher degree than the variances of other latent variables (Fornell & Larcker, 1981) . Accordingly, the square root of each construct's AVE must exceed the correlations with the other constructs. With the highest correlation between two constructs of 0.740 and the lowest square root of an AVE of .761, all latent variables fulfill this criterion (see Table 2 ). Moreover, we evaluated discriminant validity by examining the factor loadings of each indicator. According to Chin (1998) , each indicator must load higher on the associated construct compared to all other factors. In our case, corroborate discriminant validity is confirmed by factor loadings and cross-loadings (see Table 3 ). In addition to the Fornell-Larcker criterion, Henseler, Ringle, and Sarstedt (2015) propose Heterotrait-monotrait (HTMT) ratio of correlations as a new criterion to assess discriminant validity. Table 4 shows the calculated HTMT values for our model. The highest HTMT value of 0.809 is below a conservative threshold of 0.850 (Henseler et al., 2015) . Combining the results from the HTMT criterion and the Fornell-Larcker criterion is seen as a promising approach to assess discriminant validity (Voorhees, Brady, Calantone, & Ramirez, 2015) . 
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Structural Model
Figure 2 displays the structural model with standardized weights and indicates significant p-values, while ). The two main hypotheses of Fang et al. (2014) were a negative moderation of PEEIM on the relation between TV and RPI (H1) and that PEEIM positively moderates the relationship between SV and TV (H2). Figure 2 shows that PEEIM has no moderating effect on the relation between TV and RPI (p = n.s.) for our sample and that PEEIM also has no moderating effect on the relation between SV and TV (p = n.s.). Furthermore, TV has no significant direct effect on RPI (p = n.s.). In contrast, the connection between SV and RPI (p < .001) is highly significant. The remaining paths, that is, SV to TV (p < .001) and PEEIM to TV (p < .001), were found to be highly significant. These results are contrary to the original study by Fang et al. (2014) , as our results do not support H1 and H2. Instead, our results indicate that there is a significant influence of PEEIM on TV (p < .001).
Figure 2 also includes the control variables, whereby dotted lines represent non-significant paths (i.e., with a p-value >= .05) and solid lines represent significant paths. While the paths from website quality to RPI and TV as well as the path from vendor reputation to TV, were significant in both the original study and our replication, our replication showed vendor reputation to have a significant effect on TV, which was not present in the original study. Further, familiarity with vendor was a significant predictor for RPI and TV in our study, which contradicts the findings of Fang et al. (2014) . Table 6 juxtaposes the findings of the original study (Fang et al., 2014) and our replication for the measurement model, the structural model, and the control variables. While relying on a methodological replication (i.e., using the same methods but in a different context), our main finding is the lack of support for the model of Fang et al. (2014) . In particular, our study neither supports H1 (i.e., PEEIM's moderating role for TV → RPI) nor H2 (i.e., PEEIM's moderating role for SV → TV). Instead, we identified a positive influence of PEEIM on TV, which was not revealed in the study by Fang et al. (2014) . Additionally, our replication does not confirm the positive influence of TV on RPI. In the following, we discuss reasons for these contradicting findings and suggest avenues for future research. The larger sample size of 726 usable responses in our study, compared to the original study, which had 362 usable responses (Fang et al., 2014) , is generally favorable to increase the representativeness of the research. However, it also likely to contribute to the significance of the control variables and path weights. In general, we see a major reason for the observed differences in the point in time at which the data was collected for the original study and our replication. While we collected data in 2016, the data in the original study was predominantly collected in approximately 2004. Given the time that has elapsed between both studies, several contextual factors have changed.
WHAT DRIVES ONLINE REPURCHASE INTENTION?
First, dynamics of online shopping (e.g., increasing number of online shoppers, advances in mobile technologies and its adoption, new service delivery features) have considerably changed online shoppers' expectations (e.g., design, ease of use, accessibility) concerning websites (Bilgihan, Kandampully, & Zhang, 2016; Fang, Wen, George, & Prybutok, 2016) . This also becomes apparent in our data. For example, considering the construct website quality, we had to remove several items due to their low loadings that concern aspects such as layout, excitement, and website transmission. The need to adapt the measurement is reflected by more recent approaches to assess website quality (e.g., Wells, Valacich, & Hess, 2011) . The remaining items reflect a focus on websites that are easy to use, well-organized, and provide operational efficiency. While in the early years of e-commerce, aspects such as arousal and excitement might have been important in attracting online shoppers, currently e-commerce websites are well-known and a quasistandard for shoppers; therefore, an effective and efficient order process seems to be the number one priority.
Second, currently, trust in vendor seems to play a minor role in repurchase intentions. In contrast to Fang et al. (2014) , our replication does not provide evidence for a positive relation between TV and RPI. While earlier studies are in favor of the role of trust for purchase intensions (e.g., van der Heijden, Verhagen, & Creemers, 2003), we suggest that trust is important for initially using a website for (online) shopping. However, our results suggest that SV has a medium effect on RPI and is thus more important than trust. In other words, TV is important for the initial contact, while SV is decisive for RPI. Considering the low share of booking a holiday via online channels in the UK at the time of the original study (Statista, 2017b ) -which almost doubled from 23% in 2005 to 44% in 2013 -and the emphasis on flight tickets in the original sample, a high share of first-time bookers appears likely, for which TV could be important. Furthermore, in today's e-commerce environment, many vendors have been active for more than a decade and have thus acquired a reputation, which they might not have had at the time of the original study. This might have led to a higher importance of institutional mechanisms in the past compared to today's e-commerce, where SV has become a more important factor.
Third, despite the reduced importance of PEEIM in general, it also plays a role here. PEEIM has a positive impact on TV, which did not find support in the original study. Considering that the original study is based on data from an earlier "age" of e-commerce, long-term satisfaction might not have been established yet, thus explaining the larger role of TV at that time. Additionally, our measurement shows that SV and TV are highly correlated. If online shoppers do not explicitly differentiate between the two constructs, it is likely that one of those constructs is mediated by the other. However, the finding that trust and satisfaction concerning a shopping website are highly correlated is not a new one (Yoon, 2002) .
Fourth, as online shopping continues to gain importance in Germany -with numbers increasing from 15% of all shoppers in 2002 to 45% of all shoppers in 2013 (Statista, 2017c) -online shopping regulations also increase, which leads to better consumer protection and customer rights (Kariyawasam & Wigley, 2017) . Additionally, a majority of respondents in our sample referred to online shopping at Amazon (http://www.amazon.de). In Germany, this vendor has a well-established standing and provides high customer service, which is reflected in Amazon's huge share in Germany's online trading turnover (Statista, 2017a) . Trust is, therefore, of less importance if the customers are continuously satisfied with their purchases, which is reflected in our data (i.e., the mean value of SV amounts to 6.007).
Fifth, another difference between the original study and our replication is the kind of purchase made (services vs. goods). Participants of our sample did not mostly buy flight tickets (3.59% of all items bought in our sample vs. 25.41% in the original study) but rather electronics (15.75%, no exact figure available for the original study) and clothing (16.71% vs. 10.22% in the original study). Research (e.g., Murray & Schlacter, 1990) found that services increase the perception of risks compared to goods. Considering the role of TV, one might thus presume that a consumer's process of repurchase differs in regard to goods and services. To analyze this difference, we performed a multi-group analysis (see Appendix C). While Figure  C1 shows the differences between goods and services, Figure C2 and Figure C3 show the estimated path models for goods and services, respectively. Additionally, Table C1 provides the path weights and p-values for each path. Although Figure C1 shows no significant differences between goods and services, the estimated path model for services (see Figure C3 ) reveals a significantly negative moderating effect of PEEIM for the influence of TV on RPI, as suggested in H1. However, the moderated path -that is, the effect of TV on RPI -remains non-significant.
Based on these implications, we suggest the following avenues for future research. First, the analysis should include further contextual control variables. Predominantly, the differentiation between first purchases and repeated purchases can contribute to better understanding the role of trust for repurchase intentions.
Second, replicating the study in different cultural settings might reveal further insights. In prior research, cultural differences between people from different countries and regions have been identified based on cultural norms (Hofstede & Hofstede, 2005) , taking into account dimensions such as power distance, individualism, or uncertainty avoidance. For example, as regards uncertainty avoidance Asian cultures such as the Chinese one is much more comfortable with ambiguity und uncertainty than European cultures such the German one (https://www.hofstede-insights.com/country-comparison/china,germany/). Both the original study and our replication were conducted in Western European countries (i.e., in similar contexts). Shifting the analysis, for instance, to Asian cultures is a promising research endeavor in order to test for boundaries as regards the role of PEEIM, which might be different considering the different nature of Western online platforms versus Asian platforms such as TaoBao (e.g., Huang, Chen, Ou, Davison, & Hua, 2017) . Third, in addition to considering different cultural patterns, analyzing repurchase intentions in relation to platforms such as TaoBao can help to explore PEEIM boundaries since it operates in a customer-to-customer context. Here, the interplay of satisfaction, trust, and repurchase intention might be different because the ecommerce institutional mechanisms are not offered by the same party that sells a good or service. Fourth, our multi-group analysis points toward another promising avenue for future research. A more detailed differentiation between different types of purchases can help to determine the boundaries of the research model. Finally, we suggest that further replications should consider a longitudinal design. An analysis of multiple events could reveal differences in buyers' perceptions over repeated purchases, if, for instance, reciprocal causations are the underlying phenomena (Mitchell & James, 2001) . Taking the effects of time and "when the variables involved in the relationship occur" (Mitchell & James, 2001 , p. 530) into consideration is crucial for building better theories.
Limitations
First, our study suffers from limited representativeness since we obtained data from a panel. Due to limited insights into the members of the panel and the panel's acquisition of participants for our study, our data collection is subject to a selection bias. As seen from the descriptive data analysis, our sample is not representative. However, it provides a broad cross-section of different educational backgrounds, age groups, employment statuses, and income levels (see "Data Analysis & Results" for more details). Recent research investigated how student samples, consumer panels, and online crowdsourcing markets (e.g., Amazon Mechanical Turk) differ in statistical conclusions and found no significant variation when comparing samples originating from the same country (Steelman, Hammer, & Limayem, 2014) . The questionnaire that we used in the panel has a slightly different wording compared to the initial wording resulting from the backtranslation method, as modifications were mandatory for panel access. 1 Therefore, they are not identical and must be analyzed separately. Strictly speaking, the changes made for panel access affects the comparability of our study to the original study. Bringing these changes into context, we believe that all changes improved the questionnaire's readability and reduced ambiguity.
Second, common method variance might be an issue in our research. While method biases are presumed to be less serious in information systems research compared to other disciplines (Malhotra, Kim, & Patil, 2006) , we designed our study in a way that reduces the risk of increased correlations (Lindell & Whitney, 2001; Malhotra et al., 2006) that results from collecting information for both the dependent and independent variables from the same key informants. In particular, we included the variables WQ14 and TV9, which requested the respondents to select the option to the far left and right, respectively, and excluded all respondents from our sample who did not comply with one or both of these requests. Additionally, we analyzed our data based on Harmon's single-factor test (Malhotra et al., 2006) by means of an exploratory factor analysis of all items (Podsakoff, Mackenzie, Lee, & Podsakoff, 2003) . With none of the factors accounting for a majority of the variance, common method variance is unlikely to exist in our study. Furthermore, we applied the marker-variable technique in a post hoc fashion to check for the correlation between theoretically uncorrelated dimensions (Malhotra et al., 2006) . Using the second-smallest positive correlation (i.e., 0.01) between manifest variables (except for WQ14 and TV9) as proxy (Lindell & Whitney, 2001 ) supports the claim that common method variance is not prevalent in our study.
Finally, among all participants, we raffled a 100-Euro voucher for online shopping. To avoid hypothesis guessing as a potential threat to construct validity (Cook & Campbell, 1979) , we did not mention the online
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shop or website and did our best to formulate the lottery as neutrally as possible. Nevertheless, interviewees could have guessed that it was a voucher for Amazon Germany, as these vouchers are common in online surveys. This could have biased the interviewees to mistake Amazon for their last e-commerce vendor, which would result in a non-representative sample in terms of all available e-commerce vendors. The underlying assumptions of how transactions are evaluated and a repurchase intention is formed should nevertheless be comparable, irrespective of the specific vendor.
Conclusion
With this research, we answer the call for more replication in the field of information systems in general (Dennis & Valacich, 2014; Morrison et al., 2010; Niederman & March, 2015) and for the original study of our replication (Fang et al., 2014) in particular. With our methodological replication, we reveal that PEEIM currently does not play a moderating role in the relations between SV, TV, and RPI. By discussing this contradiction based on changes in online shopping behavior between 2004 and 2016, we contribute to an improved understanding of the mechanisms in online shopping contexts. 
Appendix B: Questionnaire Items
To improve the comparability, we used the same items as Fang et al. (2014) for the English version, the German items were translated according to the back translation method (Brislin, 1970) . When buying online, I am confident that there are mechanisms in place to protect me against any potential risks (e.g., leaking of personal information, credit card fraud, lost goods, etc.) of online shopping if something goes wrong with my online purchase.
PEEIM2
I have confidence in third parties (e.g., Trusted Shops, PayPal) to protect me against any potential risks (e.g., leaking of personal information, credit card fraud, goods not received, etc.) of online shopping if something goes wrong with my online purchase.
I have confidence in third parties (e.g., SafeTrader, TRUSTe) to protect me against any potential risks (e.g., leaking of personal information, credit card fraud, lost goods, etc.) of online shopping if something goes wrong with my online purchase PEEIM3 I am sure that I cannot be taken advantage of (e.g., leaking of personal information, credit card fraud, goods not received, etc.) as a result of conducting purchases online.
I am sure that I cannot be taken advantage of (e.g., leaking of personal information, credit card fraud, lost goods, etc.) as a result of conducting purchases online. PEEIM4 I believe that there are other parties (e.g., my credit card company) who have an obligation to protect me against any potential risks (leaking of personal information, credit card fraud, goods not received, etc.) of online shopping if something goes wrong with my online purchase.
I believe that there are other parties (e.g., your credit card company) who have an obligation to protect me against any potential risks (leaking of personal information, credit card fraud, lost goods, etc.) of online shopping if something goes wrong with my online purchase.
Previous Satisfaction with Purchasing via the Internet (scale 1-7)
Please select the option that best describes how satisfied you are with previous transactions via the Internet.
Please circle the number that best describes how satisfied you are with previous transactions on the Internet. SI1 Overall, extremely satisfied. Overall, extremely satisfied. SI2 Overall, extremely pleased. Overall, extremely pleased.
SI3
My expectations were exceeded. My expectations were exceeded.
Expertise in Using the Internet to Conduct Transaction (scale 1-7)
Please circle the number that best describes how experienced you are with previous transactions via the Internet.
Please select the option that best describes how experienced you are with past transactions on the Internet. EXP1 I know a lot about conducting purchases via the Internet.
I know a lot about conducting purchases on the Internet. EXP2 I am experienced in conducting purchases via the Internet.
I am experienced in conducting purchases on the Internet. EXP3
I am an expert buyer of products/services via the Internet.
I am an expert buyer of products/services on the Internet. EXP4
I am informed about conducting purchases via the Internet.
I am informed about conducting purchases on the Internet. Perceptions about a Specific Vendor As you fill out this part, please think of a vendor you have purchased from recently via the internet. A vendor could either be an organisation or company that produces or provides the product or service (e.g., www.easyjet.com; www.blackstar.co.uk), or it could be an intermediary that sells various products or services (e.g., www.tesco.com). It doesn't matter which one you choose, as long as you keep it in mind as you fill out Part C. So that you are clear, please answer the following preliminary questions before you proceed:
As you fill out this part, please think of a vendor you have recently purchased from on the internet. A vendor could either be an organization or company that produces or provides the product or service (e.g., www.ryanair.com; www.apple.com), or it could be an intermediary that sells various products or services (e.g., www.amazon.com). It does not matter which one you choose, as long as you keep it in mind while you fill out the following parts. So that you are clear on this, please answer the following preliminary questions before you proceed.
VEN
The vendor I am thinking of is: a company or brand that produces or provides the actual service an intermediary or wholesaler that sells a host of products and/or services on their Web site
The vendor I am thinking of is: a company or brand that produces or provides the actual service an intermediary or wholesaler that sells a variety of products and/or services on their Web site Repurchase Intention Please indicate the degree to which you agree with the following statements concerning your likelihood/probability of buying online again from the vendor you had in mind as you filled out this questionnaire.
Please indicate the degree to which you agree with the following statements concerning your likelihood/probability of buying online again from the vendor you had in mind as you filled out this questionnaire.
RPI1
In the medium term In the medium term RPI2
In the long term In the long term RPI3
All things considered, and on a scale from 0-100%, what is the probability that you will purchase online from the same vendor again?
All things considered, and on a scale from 0-100%, what is the probability that you will purchase online from the same vendor again? Trust in Vendor (scale 1-7) Please indicate the degree to which you agree with the following statements concerning your trust to the vendor you had in mind as you filled out this questionnaire.
Please indicate the degree to which you agree with the following statements concerning your trust to the vendor you had in mind as you filled out this questionnaire. TV1 I believe that this vendor is consistent in quality and service.
I believe that this vendor is consistent in quality and service. TV2 I believe that this vendor is keen on fulfilling my needs and wants.
I believe that this vendor is eager to fulfil my needs and wants. TV3 I believe that this vendor is honest. I believe that this vendor is honest. TV4 I believe that this vendor wants to be known as one that keeps promises and commitments.
I believe that this vendor wants to be known as one that keeps promises and commitments.
TV5
I believe that this vendor has my best interests in mind.
I believe that this vendor has my best interests in mind. TV6 I believe that this vendor is trustworthy. I believe that this vendor is trustworthy.
TV7
I believe that this vendor has high integrity. I believe that this vendor has high integrity. TV8 I believe that this vendor is dependable. I believe that this vendor is dependable. TV9 --Please select the option to the far right.
Previous Satisfaction with Vendor (scale 1-7) A Replication of the Moderating Role of Perceived Effectiveness of E-Commerce Institutional Mechanisms
Paper 9 Please circle the number that best describes how satisfied you are with previous experiences with the vendor. Appendix C: Multi-Group Analysis Table C1 shows the results of the multi-group analysis (MGA) for the two groups goods and services. The MGA was calculated with SmartPLS . Electronics, clothes, sports equipment, household items, and kitchen items are categorized in goods. Services contain flight tickets, hotel bookings, concerts, books, and movies. Books and movies are in the category of services because purchasers buy and consume them and generally they cannot be refunded once books have been read or movies watched. Figure C1 shows the differences between the two groups, while Figure C2 and Figure C3 show the estimated path models for goods and services, respectively.
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